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In data analysis, a significant amount of erroneous or incomplete data can hinder in-
formed organizational decisions prompting the need for automated data cleaning. Leverag-
ing successful artificial intelligence techniques across various domains, several initiatives have
introduced machine learning (ML) models to tackle these data-related issues [1, 2, 3]. In this
approach, we propose a strategy to enhance data cleaning using ML models by incorporating
unstructured data (e.g. texts). It also involves regulating machine learning model outputs by
validating dataset constraints (e.g. set of edit rules). Preliminary results indicate promising
accuracy in predicting correct values for erroneous labels, especially when the target value is
embedded within unstructured data. Furthermore, a hybrid approach that combines machine
learning with Parker algorithm [4] enhances the effectiveness of our proposed method.
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